
Òåìàòè÷åñêîå ìîäåëèðîâàíèå

äëÿ èí�îðìàöèîííîãî ïîèñêà

Âîðîíöîâ Êîíñòàíòèí Âÿ÷åñëàâîâè÷

(Ì�Ó, ÌÔÒÈ, ÔÈÖ ÈÓ �ÀÍ)

Öåíòð ïðèêëàäíîãî àíàëèçà áîëüøèõ äàííûõ

Òîìñêèé ãîñóäàðñòâåííûé óíèâåðñèòåò

17 ìàðòà 2022



Ñîäåðæàíèå

1

Òåîðèÿ

Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

Òåîðèÿ àääèòèâíîé ðåãóëÿðèçàöèè

Ìóëüòèìîäàëüíûå òåìàòè÷åñêèå ìîäåëè

2

Ïðîåêò BigARTM

Áèáëèîòåêè BigARTM è TopiNet

Ìîäóëüíîñòü àääèòèâíîé ðåãóëÿðèçàöèè

Ýêñïåðèìåíòû: êà÷åñòâî è ñêîðîñòü

3

Ýêñïåðèìåíòû ñ òåìàòè÷åñêèì ïîèñêîì

Çàäà÷à òåìàòè÷åñêîãî èí�îðìàöèîííîãî ïîèñêà

Ìîäåëè òåìàòè÷åñêîãî ïîèñêà

�åçóëüòàòû è âûâîäû



Òåîðèÿ

Ïðîåêò BigARTM

Ýêñïåðèìåíòû ñ òåìàòè÷åñêèì ïîèñêîì

Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

Òåîðèÿ àääèòèâíîé ðåãóëÿðèçàöèè

Ìóëüòèìîäàëüíûå òåìàòè÷åñêèå ìîäåëè

Ïîñòàíîâêà çàäà÷è òåìàòè÷åñêîãî ìîäåëèðîâàíèÿ

Äàíî: êîëëåêöèÿ òåêñòîâûõ äîêóìåíòîâ

ndw � ÷àñòîòû òåðìîâ â äîêóìåíòàõ, p̂(w |d) = ndw
nd

Íàéòè: ïàðàìåòðû òåìàòè÷åñêîé ìîäåëè p(w |d) =
∑

t∈T

φwtθtd

φwt=p(w |t) � âåðîÿòíîñòè òåðìîâ w â êàæäîé òåìå t

θtd =p(t|d) � âåðîÿòíîñòè òåì t â êàæäîì äîêóìåíòå d

Êðèòåðèé: ìàêñèìóì ïðàâäîïîäîáèÿ

L(Φ,Θ) =
∑

d∈D

∑

w∈d

ndw ln
∑

t∈T

φwtθtd → max
Φ,Θ

ïðè îãðàíè÷åíèÿõ íåîòðèöàòåëüíîñòè è íîðìèðîâêè

φwt > 0
∑

w∈W

φwt = 1 θtd > 0
∑

t∈T

θtd = 1
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Çàäà÷à òåìàòè÷åñêîãî ìîäåëèðîâàíèÿ íåêîððåêòíî ïîñòàâëåíà

Òåìàòè÷åñêîå ìîäåëèðîâàíèå � ýòî çàäà÷à íèçêîðàíãîâîãî

ñòîõàñòè÷åñêîãî ìàòðè÷íîãî ðàçëîæåíèÿ (|T | ≪ |D|, |W |)

Çàäà÷à íåêîððåêòíî ïîñòàâëåíà ïî Àäàìàðó, òàê êàê

ìíîæåñòâî å¼ ðåøåíèé â îáùåì ñëó÷àå áåñêîíå÷íî:

åñëè ΦΘ � ðåøåíèå, òî (ΦS)(S−1Θ) � òîæå ðåøåíèå

�åãóëÿðèçàöèÿ � äîîïðåäåëåíèå ðåøåíèÿ ñ ïîìîùüþ

äîïîëíèòåëüíîãî êðèòåðèÿ: L(Φ,Θ) + τR(Φ,Θ) → max
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PLSA è LDA � íàèáîëåå èçâåñòíûå òåìàòè÷åñêèå ìîäåëè

PLSA, Probabilisti Latent Semanti Analysis:

R(Φ,Θ) = 0

LDA, Latent Dirihlet Alloation:

R(Φ,Θ) = β0
∑

t

∑

w

βw lnφwt + α0

∑

d

∑

t

αt ln θtd

� ðàñïðåäåëåíèÿ φt áëèçêè ê çàäàííîìó ðàñïðåäåëåíèþ β

� ðàñïðåäåëåíèÿ θd áëèçêè ê çàäàííîìó ðàñïðåäåëåíèþ α

Ìîæíî òàêæå ãîâîðèòü îá àïðèîðíûõ ðàñïðåäåëåíèÿõ Äèðèõëå,

íî ðåãóëÿðèçàöèÿ ïðîùå è ïîíÿòíåå, à ðåçóëüòàò òîò æå

Hofmann T. Probabilisti latent semanti indexing. SIGIR 1999.

Blei D., Ng A., Jordan M. Latent Dirihlet alloation. 2003.

Âîðîíöîâ Ê.Â. Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå: òåîðèÿ, ìîäåëè,

àëãîðèòìû è ïðîåêò BigARTM // www.MahineLearning.ru, 2022.
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ARTM � Àääèòèâíàÿ �åãóëÿðèçàöèÿ Òåìàòè÷åñêèõ Ìîäåëåé

Ìàêñèìèçàöèÿ log ïðàâäîïîäîáèÿ ñ ðåãóëÿðèçàòîðîì R :
∑

d,w

ndw ln
∑

t∈T

φwtθtd +R(Φ,Θ) → max
Φ,Θ

; R(Φ,Θ) =
∑

i

τiRi(Φ,Θ)

EM-àëãîðèòì: ìåòîä ïðîñòîé èòåðàöèè äëÿ ñèñòåìû óðàâíåíèé

E-øàã:

M-øàã:



























ptdw = norm
t∈T

(

φwtθtd
)

φwt = norm
w∈W

(

nwt + φwt
∂R
∂φwt

)

, nwt =
∑

d∈D

ndwptdw

θtd = norm
t∈T

(

ntd + θtd
∂R
∂θtd

)

, ntd =
∑

w∈d

ndwptdw

ãäå norm
t∈T

(xt) =
max{xt ,0}∑

s∈T

max{xs ,0}
� îïåðàöèÿ íîðìèðîâêè âåêòîðà.

Âîðîíöîâ Ê. Â. Àääèòèâíàÿ ðåãóëÿðèçàöèÿ òåìàòè÷åñêèõ ìîäåëåé êîëëåêöèé

òåêñòîâûõ äîêóìåíòîâ. Äîêëàäû �ÀÍ. 2014.
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�åãóëÿðèçàòîðû äëÿ óëó÷øåíèÿ èíòåðïðåòèðóåìîñòè òåì

background

Ñãëàæèâàíèå �îíîâûõ òåì B ⊂ T :

R(Φ,Θ) = β0
∑

t∈B

∑

w

βw lnφwt + α0

∑

d

∑

t∈B

αt ln θtd

sparse

�àçðåæèâàíèå ïðåäìåòíûõ òåì S = T \ B :

R(Φ,Θ) = −β0
∑

t∈S

∑

w

βw lnφwt − α0

∑

d

∑

t∈S

αt ln θtd

decorrelated

Äåêîððåëèðîâàíèå äëÿ ïîâûøåíèÿ ðàçëè÷íîñòè òåì:

R(Φ) = −
τ

2

∑

t,s

∑

w

φwtφws

interpretable

Ñãëàæèâàíèå + ðàçðåæèâàíèå + äåêîððåëèðîâàíèå

äëÿ óëó÷øåíèÿ èíòåðïðåòèðóåìîñòè òåì
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Ïîñëîéíîå ïîñòðîåíèå óðîâíåé òåìàòè÷åñêîé èåðàðõèè

Øàã 1. Ñòðîèì ìîäåëü ñ íåáîëüøèì ÷èñëîì òåì.

Øàã k. Ïóñòü ìîäåëü ñ ìíîæåñòâîì òåì T óæå ïîñòðîåíà.

Ñòðîèì ìíîæåñòâî äî÷åðíèõ òåì S (subtopis), |S | > |T |.

�îäèòåëüñêèå òåìû ïðèáëèæàþòñÿ ñìåñÿìè äî÷åðíèõ òåì:

∑

t∈T

nt KLw

(

p(w |t)
∥

∥

∥

∑

s∈S

p(w |s)p(s|t)
)

→ min
Φ,Ψ

,

ãäå p(s|t) = ψst , Ψ = (ψst)S×T � ìàòðèöà ñâÿçåé.

�îäèòåëüñêàÿ Φp ≈ ΦΨ, îòñþäà ðåãóëÿðèçàòîð ìàòðèöû Φ:

R(Φ,Ψ) = τ
∑

t∈T

∑

w∈W

nwt ln
∑

s∈S

φwsψst → max .

�îäèòåëüñêèå òåìû t � ïñåâäî-äîêóìåíòû ñ ÷àñòîòàìè ñëîâ nwt .
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Ïîñòðîåíèå âòîðîãî óðîâíÿ èåðàðõèè ñ ïîäòåìàìè S

Â êîëëåêöèþ äîáàâëÿþòñÿ |T | ïñåâäîäîêóìåíòîâ ðîäèòåëüñêèõ
òåì ñ ÷àñòîòàìè òåðìîâ nwt = τntφwt , t ∈ T

Ìàòðèöà ñâÿçåé òåì ñ ïîäòåìàìè Ψ =
(

p(s|t)
)

îáðàçóåòñÿ

â ñòîëáöàõ ìàòðèöû Θ, ñîîòâåòñòâóþùèõ ïñåâäîäîêóìåíòàì.

Chirkova N.A., Vorontsov K.V. Additive regularization for hierarhial multimodal topi

modeling. JMLDA, 2016.
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Ïðèìåð òåìàòè÷åñêîé èåðàðõèè (êîëëåêöèÿ postnauka.ru)

Äìèòðèé Ôåäîðÿêà. Òåõíîëîãèÿ èíòåðàêòèâíîé âèçóàëèçàöèè òåìàòè÷åñêèõ

ìîäåëåé. Áàêàëàâðñêàÿ äèññåðòàöèÿ, ÌÔÒÈ, 2017.
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

Òåîðèÿ àääèòèâíîé ðåãóëÿðèçàöèè

Ìóëüòèìîäàëüíûå òåìàòè÷åñêèå ìîäåëè

Ìóëüòèìîäàëüíàÿ òåìàòè÷åñêàÿ ìîäåëü

Òåìà ìîæåò ïîðîæäàòü òåðìû ðàçëè÷íûõ ìîäàëüíîñòåé:

p(ñëîâî|t), p(n-ãðàììà|t), p(àâòîð|t), p(âðåìÿ|t), p(èñòî÷íèê|t),
p(îáúåêò|t), p(ññûëêà|t), p(áàííåð|t), p(ïîëüçîâàòåëü|t)
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Ìóëüòèìîäàëüíàÿ òåìàòè÷åñêàÿ ìîäåëü
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p(ñëîâî|t), p(n-ãðàììà|t), p(àâòîð|t), p(âðåìÿ|t), p(èñòî÷íèê|t),
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

Òåîðèÿ àääèòèâíîé ðåãóëÿðèçàöèè

Ìóëüòèìîäàëüíûå òåìàòè÷åñêèå ìîäåëè

Ìóëüòèìîäàëüíàÿ ARTM

Wm
� ñëîâàðü òîêåíîâ m-é ìîäàëüíîñòè, m ∈ M

Ìàêñèìèçàöèÿ ñóììû log ïðàâäîïîäîáèé ñ ðåãóëÿðèçàöèåé:

∑

m∈M

τm
∑

d∈D

∑

w∈Wm

ndw ln
∑

t∈T

φwtθtd + R(Φ,Θ) → max
Φ,Θ

EM-àëãîðèòì: ìåòîä ïðîñòîé èòåðàöèè äëÿ ñèñòåìû óðàâíåíèé

E-øàã:

M-øàã:



























ptdw = norm
t∈T

(

φwtθtd
)

φwt = norm
w∈Wm

(

∑

d∈D

τm(w)ndwptdw + φwt
∂R
∂φwt

)

θtd = norm
t∈T

(

∑

w∈d

τm(w)ndwptdw + θtd
∂R
∂θtd

)

K.Vorontsov, O.Frei, M.Apishev et al. Non-bayesian additive regularization for

multimodal topi modeling of large olletions. CIKM TM workshop, 2015.
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

Òåîðèÿ àääèòèâíîé ðåãóëÿðèçàöèè

Ìóëüòèìîäàëüíûå òåìàòè÷åñêèå ìîäåëè

�åãóëÿðèçàòîðû äëÿ ìóëüòèìîäàëüíûõ òåìàòè÷åñêèõ ìîäåëåé

supervised

Ìîäàëüíîñòè ìåòîê êëàññîâ èëè êàòåãîðèé äëÿ çàäà÷

êëàññè�èêàöèè è êàòåãîðèçàöèè òåêñòîâ.

multilanguage
Ìîäàëüíîñòü ÿçûêîâ è ðåãóëÿðèçàöèÿ ñî ñëîâàð¼ì

πuwt = p(u|w , t) ïåðåâîäîâ ñ ÿçûêà k íà ℓ:

R(Φ,Π) = τ
∑

u∈W k

∑

t∈T

nut ln
∑

w∈W ℓ

πuwtφwt

temporal

Òåìïîðàëüíûå ìîäåëè ñ ìîäàëüíîñòüþ âðåìåíè i :

R(Φ) = −τ
∑

i∈I

∑

t∈T

∣

∣φit − φi−1,t

∣

∣.

geospatial

Ìîäàëüíîñòü ãåîëîêàöèé g ñ áëèçîñòüþ Sgg ′
:

R(Φ) = −
τ

2

∑

g ,g ′∈G

Sgg ′

∑

t∈T

n2t

(φgt

ng
−
φg ′t

ng ′

)2
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Òåîðèÿ

Ïðîåêò BigARTM

Ýêñïåðèìåíòû ñ òåìàòè÷åñêèì ïîèñêîì

Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

Òåîðèÿ àääèòèâíîé ðåãóëÿðèçàöèè

Ìóëüòèìîäàëüíûå òåìàòè÷åñêèå ìîäåëè

Ïðèìåð 1. Ìóëüòèÿçû÷íàÿ ìîäåëü Âèêèïåäèè

216 175 ðóññêî-àíãëèéñêèõ ïàð ñòàòåé. ßçûêè � ìîäàëüíîñòè.

Ïåðâûå 10 ñëîâ è èõ ÷àñòîòû p(w |t) â %:

Òåìà �68 Òåìà �79

researh 4.56 èíñòèòóò 6.03 goals 4.48 ìàò÷ 6.02

tehnology 3.14 óíèâåðñèòåò 3.35 league 3.99 èãðîê 5.56

engineering 2.63 ïðîãðàììà 3.17 lub 3.76 ñáîðíàÿ 4.51

institute 2.37 ó÷åáíûé 2.75 season 3.49 �ê 3.25

siene 1.97 òåõíè÷åñêèé 2.70 sored 2.72 ïðîòèâ 3.20

program 1.60 òåõíîëîãèÿ 2.30 up 2.57 êëóá 3.14

eduation 1.44 íàó÷íûé 1.76 goal 2.48 �óòáîëèñò 2.67

ampus 1.43 èññëåäîâàíèå 1.67 apps 1.74 ãîë 2.65

management 1.38 íàóêà 1.64 debut 1.69 çàáèâàòü 2.53

programs 1.36 îáðàçîâàíèå 1.47 math 1.67 êîìàíäà 2.14

Àñåññîð îöåíèë 396 òåì èç 400 êàê õîðîøî èíòåðïðåòèðóåìûå.

Vorontsov, Frei, Apishev, Romov, Suvorova. BigARTM: Open Soure Library for

Regularized Multimodal Topi Modeling of Large Colletions. AIST-2015.

Ê.Â. Âîðîíöîâ (k.v.vorontsov�physteh.edu) Ñåìèíàð ïî òåìàòè÷åñêîìó ìîäåëèðîâàíèþ 14 / 34



Òåîðèÿ

Ïðîåêò BigARTM

Ýêñïåðèìåíòû ñ òåìàòè÷åñêèì ïîèñêîì

Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

Òåîðèÿ àääèòèâíîé ðåãóëÿðèçàöèè

Ìóëüòèìîäàëüíûå òåìàòè÷åñêèå ìîäåëè

Ïðèìåð 1. Ìóëüòèÿçû÷íàÿ ìîäåëü Âèêèïåäèè

216 175 ðóññêî-àíãëèéñêèõ ïàð ñòàòåé. ßçûêè � ìîäàëüíîñòè.

Ïåðâûå 10 ñëîâ è èõ ÷àñòîòû p(w |t) â %:

Òåìà �88 Òåìà �251

opera 7.36 îïåðà 7.82 windows 8.00 windows 6.05

ondutor 1.69 îïåðíûé 3.13 mirosoft 4.03 mirosoft 3.76

orhestra 1.14 äèðèæåð 2.82 server 2.93 âåðñèÿ 1.86

wagner 0.97 ïåâåö 1.65 software 1.38 ïðèëîæåíèå 1.86

soprano 0.78 ïåâèöà 1.51 user 1.03 ñåðâåð 1.63

performane 0.78 òåàòð 1.14 seurity 0.92 server 1.54

mozart 0.74 ïàðòèÿ 1.05 mithell 0.82 ïðîãðàììíûé 1.08

sang 0.70 ñîïðàíî 0.97 orale 0.82 ïîëüçîâàòåëü 1.04

singing 0.69 âàãíåð 0.90 enterprise 0.78 îáåñïå÷åíèå 1.02

operas 0.68 îðêåñòð 0.82 users 0.78 ñèñòåìà 0.96

Àñåññîð îöåíèë 396 òåì èç 400 êàê õîðîøî èíòåðïðåòèðóåìûå.

Vorontsov, Frei, Apishev, Romov, Suvorova. BigARTM: Open Soure Library for

Regularized Multimodal Topi Modeling of Large Colletions. AIST-2015.
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

Òåîðèÿ àääèòèâíîé ðåãóëÿðèçàöèè

Ìóëüòèìîäàëüíûå òåìàòè÷åñêèå ìîäåëè

Ïðèìåð 2. Áèãðàììíàÿ ìîäåëü íàó÷íûõ êîí�åðåíöèé

Êîëëåêöèÿ 1000 ñòàòåé êîí�åðåíöèé ÌÌ�Î, ÈÎÈ íà ðóññêîì

ðàñïîçíàâàíèå îáðàçîâ â áèîèí�îðìàòèêå òåîðèÿ âû÷èñëèòåëüíîé ñëîæíîñòè

óíèãðàììû áèãðàììû óíèãðàììû áèãðàììû

îáúåêò çàäà÷à ðàñïîçíàâàíèÿ çàäà÷à ðàçäåëÿòü ìíîæåñòâà

çàäà÷à ìíîæåñòâî ìîòèâîâ ìíîæåñòâî êîíå÷íîå ìíîæåñòâî

ìíîæåñòâî ñèñòåìà ìàñîê ïîäìíîæåñòâî óñëîâèå çàäà÷è

ìîòèâ âòîðè÷íàÿ ñòðóêòóðà óñëîâèå çàäà÷à î ïîêðûòèè

ðàçðåøèìîñòü ñòðóêòóðà áåëêà êëàññ ïîêðûòèå ìíîæåñòâà

âûáîðêà ðàñïîçíàâàíèå âòîðè÷íîé ðåøåíèå ñèëüíûé ñìûñë

ìàñêà ñîñòîÿíèå îáúåêòà êîíå÷íûé ðàçäåëÿþùèé êîìèòåò

ðàñïîçíàâàíèå îáó÷àþùàÿ âûáîðêà ÷èñëî ìèíèìàëüíûé à��èííûé

èí�îðìàòèâíîñòü îöåíêà èí�îðìàòèâíîñòè à��èííûé à��èííûé êîìèòåò

ñîñòîÿíèå ìíîæåñòâî îáúåêòîâ ñëó÷àé à��èííûé ðàçäåëÿþùèé

çàêîíîìåðíîñòü ðàçðåøèìîñòü çàäà÷è ïîêðûòèå îáùåå ïîëîæåíèå

ñèñòåìà êðèòåðèé ðàçðåøèìîñòè îáùèé ìíîæåñòâî òî÷åê

ñòðóêòóðà èí�îðìàòèâíîñòü ìîòèâà ïðîñòðàíñòâî ñëó÷àé çàäà÷è

çíà÷åíèå ïåðâè÷íàÿ ñòðóêòóðà ñõåìà îáùèé ñëó÷àé

ðåãóëÿðíîñòü òóïèêîâîå ìíîæåñòâî êîìèòåò çàäà÷à MASC

Ñåðãåé Ñòåíèí. Ìóëüòèãðàììíûå àääèòèâíî ðåãóëÿðèçîâàííûå òåìàòè÷åñêèå

ìîäåëè // Ìàãèñòåðñêàÿ äèññåðòàöèÿ, ÌÔÒÈ, 2015.
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Òåîðèÿ

Ïðîåêò BigARTM

Ýêñïåðèìåíòû ñ òåìàòè÷åñêèì ïîèñêîì

Áèáëèîòåêè BigARTM è TopiNet

Ìîäóëüíîñòü àääèòèâíîé ðåãóëÿðèçàöèè

Ýêñïåðèìåíòû: êà÷åñòâî è ñêîðîñòü

BigARTM: áèáëèîòåêà òåìàòè÷åñêîãî ìîäåëèðîâàíèÿ

Êëþ÷åâûå âîçìîæíîñòè:

Áîëüøèå äàííûå: êîëëåêöèÿ íå õðàíèòñÿ â ïàìÿòè

Îíëàéíîâûé ïàðàëëåëüíûé ìóëüòèìîäàëüíûé ARTM

Âñòðîåííàÿ áèáëèîòåêà ðåãóëÿðèçàòîðîâ è ìåð êà÷åñòâà

Ñîîáùåñòâî:

Îòêðûòûé êîä https://github.om/bigartm

(disussion group, issue traker, pull requests)

Äîêóìåíòàöèÿ http://bigartm.org

Ëèöåíçèÿ è ñðåäà ðàçðàáîòêè:

Ñâîáîäíàÿ êîììåð÷åñêàÿ ëèöåíçèÿ (BSD 3-Clause)

Êðîññ-ïëàò�îðìåííîñòü: Windows, Linux, MaOS (32/64 bit)

Èíòåð�åéñû API: ommand-line, C++, and Python

Ê.Â. Âîðîíöîâ (k.v.vorontsov�physteh.edu) Ñåìèíàð ïî òåìàòè÷åñêîìó ìîäåëèðîâàíèþ 17 / 34



Òåîðèÿ

Ïðîåêò BigARTM

Ýêñïåðèìåíòû ñ òåìàòè÷åñêèì ïîèñêîì

Áèáëèîòåêè BigARTM è TopiNet

Ìîäóëüíîñòü àääèòèâíîé ðåãóëÿðèçàöèè

Ýêñïåðèìåíòû: êà÷åñòâî è ñêîðîñòü

Êëþ÷åâûå âîçìîæíîñòè áèáëèîòåê BigARTM è TopiNet

BigARTM

áèáëèîòåêà ðåãóëÿðèçàòîðîâ

ìóëüòèìîäàëüíûå ìîäåëè

èåðàðõè÷åñêèå ìîäåëè

ãèïåðãðà�îâûå ìîäåëè

ìîäåëè ñâÿçíîñòè òåêñòà

TopiNet

Ïåðåáîð ñöåíàðèåâ ðåãóëÿðèçàöèè äëÿ âûáîðà ìîäåëåé

Àâòîìàòè÷åñêîå ïðîòîêîëèðîâàíèå ýêñïåðèìåíòîâ

Ïîñòðîåíèå ¾áàíêà òåì¿ èç ìíîæåñòâà ìîäåëåé

Âèçóàëèçàöèÿ òåìàòè÷åñêèõ ìîäåëåé

V.Bulatov, E.Egorov, E.Veselova,D.Polyudova,V.Alekseev, A.Gonharov, K.Vorontsov.

TopiNet: making additive regularisation for topi modelling aessible. LREC-2020
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Ýêñïåðèìåíòû ñ òåìàòè÷åñêèì ïîèñêîì

Áèáëèîòåêè BigARTM è TopiNet

Ìîäóëüíîñòü àääèòèâíîé ðåãóëÿðèçàöèè

Ýêñïåðèìåíòû: êà÷åñòâî è ñêîðîñòü

BigARTM óïðîùàåò ðàçðàáîòêó òåìàòè÷åñêèõ ìîäåëåé

Äëÿ ïîñòðîåíèÿ ñëîæíûõ ìîäåëåé â BigARTM íå íóæíû

íè ìàòåìàòè÷åñêèå âûêëàäêè, íè ïðîãðàììèðîâàíèå ¾ñ íóëÿ¿.
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Áèáëèîòåêè BigARTM è TopiNet

Ìîäóëüíîñòü àääèòèâíîé ðåãóëÿðèçàöèè

Ýêñïåðèìåíòû: êà÷åñòâî è ñêîðîñòü

Ìîäóëüíîñòü àääèòèâíîé ðåãóëÿðèçàöèè

Ìåøîê ðåãóëÿðèçàòîðîâ ïîä êàæäóþ ïðèêëàäíóþ çàäà÷ó

Âûÿâëåíèÿ ýòíîðåëåâàíòíîãî äèñêóðñà â ñîöèàëüíûõ ñåòÿõ:

L

(

PLSA
)

+R

(

interpretable
)

+R

(

n-gram
)

+R

(

seed words
)

→ max

Òåìàòè÷åñêèé ïîèñê íàó÷íûõ è íàó÷íî-ïîïóëÿðíûõ ñòàòåé:

L

(

multimodal
)

+ R

(

interpretable
)

+ R

(

n-gram
)

+ R

(

hierarchy
)

→ max

Âûÿâëåíèå è ïðîñëåæèâàíèå ñîáûòèé â íîâîñòíîì ïîòîêå:

L

(

multimodal
)

+R

(

interpretable
)

+R

(

temporal
)

+R

(

sentiment
)

→ max
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Òåîðèÿ

Ïðîåêò BigARTM

Ýêñïåðèìåíòû ñ òåìàòè÷åñêèì ïîèñêîì

Áèáëèîòåêè BigARTM è TopiNet

Ìîäóëüíîñòü àääèòèâíîé ðåãóëÿðèçàöèè

Ýêñïåðèìåíòû: êà÷åñòâî è ñêîðîñòü

Êà÷åñòâî è ñêîðîñòü: BigARTM vs Gensim è Vowpal Wabbit

3.7M ñòàòåé Âèêèïåäèè, 100K ñëîâ: âðåìÿ min (ïåðïëåêñèÿ)

ïðîö. |T | Gensim Vowpal BigARTM BigARTM

Wabbit àñèíõðîí

1 50 142m (4945) 50m (5413) 42m (5117) 25m (5131)

1 100 287m (3969) 91m (4592) 52m (4093) 32m (4133)

1 200 637m (3241) 154m (3960) 83m (3347) 53m (3362)

2 50 89m (5056) 22m (5092) 13m (5160)

2 100 143m (4012) 29m (4107) 19m (4144)

2 200 325m (3297) 47m (3347) 28m (3380)

4 50 88m (5311) 12m (5216) 7m (5353)

4 100 104m (4338) 16m (4233) 10m (4357)

4 200 315m (3583) 26m (3520) 16m (3634)

8 50 88m (6344) 8m (5648) 5m (6220)

8 100 107m (5380) 10m (4660) 6m (5119)

8 200 288m (4263) 15m (3929) 10m (4309)

D.Kohedykov, M.Apishev, L.Golitsyn, K.Vorontsov. Fast and Modular Regularized

Topi Modelling. FRUCT ISMW, 2017.

Ê.Â. Âîðîíöîâ (k.v.vorontsov�physteh.edu) Ñåìèíàð ïî òåìàòè÷åñêîìó ìîäåëèðîâàíèþ 21 / 34



Òåîðèÿ

Ïðîåêò BigARTM

Ýêñïåðèìåíòû ñ òåìàòè÷åñêèì ïîèñêîì

Çàäà÷à òåìàòè÷åñêîãî èí�îðìàöèîííîãî ïîèñêà

Ìîäåëè òåìàòè÷åñêîãî ïîèñêà

�åçóëüòàòû è âûâîäû

Äâå êîëëåêöèè íîâîñòåé ïðî òåõíîëîãèè

Habrahabr.ru

175 143 ñòàòåé íà ðóññêîì

10 552 ñëîâ (óíèãðàìì)

742 000 áèãðàìì

524 àâòîðîâ ñòàòåé

10 000 àâòîðîâ êîììåíòàðèåâ

2546 òåãîâ

123 õàáà (êàòåãîðèè)

TehCrunh.om

759 324 ñòàòåé íà àíãëèéñêîì

11 523 ñëîâ (óíèãðàìì)

1.2 ìëí. áèãðàìì

605 àâòîðîâ

184 êàòåãîðèé

Ïðåäîáðàáîòêà òåêñòîâ

îòáðîøåíû 5% íàèáîëåå ÷àñòîòíûõ ñëîâ (îáùàÿ ëåêñèêà)

óäàëåíèå ïóíêòóàöèè

íèæíèé ðåãèñòð, ¼→å

ëåììàòèçàöèÿ pymorphy2
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Òåîðèÿ

Ïðîåêò BigARTM

Ýêñïåðèìåíòû ñ òåìàòè÷åñêèì ïîèñêîì

Çàäà÷à òåìàòè÷åñêîãî èí�îðìàöèîííîãî ïîèñêà

Ìîäåëè òåìàòè÷åñêîãî ïîèñêà

�åçóëüòàòû è âûâîäû

Ìåòîäèêà îöåíèâàíèÿ êà÷åñòâà ðàçâåäî÷íîãî ïîèñêà

Ïîèñêîâûé çàïðîñ

íàáîð êëþ÷åâûõ ñëîâ èëè �ðàãìåíòîâ

òåêñòà, îêîëî îäíîé ñòðàíèöû À4

Ïîèñêîâàÿ âûäà÷à

äîêóìåíòû d ñ ðàñïðåäåëåíèåì p(t|d),
áëèçêèì ê ðàñïðåäåëåíèþ p(t|q) çàïðîñà

Äâà çàäàíèÿ àñåññîðàì

1

íàéòè êàê ìîæíî áîëüøå ñòàòåé,

ïîëüçóÿñü ëþáûìè ñðåäñòâàìè

ïîèñêà (è çàñå÷ü âðåìÿ)

2

îöåíèòü ðåëåâàíòíîñòü ïîèñêîâîé

âûäà÷è íà òîì æå çàïðîñå

Ïðèìåð çàïðîñà äëÿ

ðàçâåäî÷íîãî ïîèñêà
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Òåîðèÿ

Ïðîåêò BigARTM

Ýêñïåðèìåíòû ñ òåìàòè÷åñêèì ïîèñêîì

Çàäà÷à òåìàòè÷åñêîãî èí�îðìàöèîííîãî ïîèñêà

Ìîäåëè òåìàòè÷åñêîãî ïîèñêà

�åçóëüòàòû è âûâîäû

Âåêòîðíûé ïîèñê òåìàòè÷åñêè áëèçêèõ äîêóìåíòîâ

θtq = p(t|q) � òåìàòè÷åñêèé âåêòîð çàïðîñà q

θtd = p(t|d) � òåìàòè÷åñêèå âåêòîðû äîêóìåíòîâ d ∈ D

Êîñèíóñíàÿ ìåðà áëèçîñòè äîêóìåíòà d è çàïðîñà q:

sim(q, d) =

∑

t θtqθtd
(
∑

t θ
2
tq

)1/2(∑

t θ
2
td

)1/2
.

�àíæèðóåì äîêóìåíòû êîëëåêöèè d ∈ D ïî óáûâàíèþ sim(q, d)
Âûäà÷à òåìàòè÷åñêîãî ïîèñêà � k ïåðâûõ äîêóìåíòîâ.

�åàëèçàöèÿ: âåêòîðíûé èíäåêñ äëÿ áûñòðîãî ïîèñêà

äîêóìåíòîâ d ïî êàæäîé èç òåì t çàïðîñà

A.Ianina, L.Golitsyn, K.Vorontsov. Multi-objetive topi modeling for exploratory

searh in teh news. AINL, 2017.

A.Ianina, K.Vorontsov. Regularized multimodal hierarhial topi model for

doument-by-doument exploratory searh. FRUCT�ISMW, 2019.
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Òåîðèÿ

Ïðîåêò BigARTM

Ýêñïåðèìåíòû ñ òåìàòè÷åñêèì ïîèñêîì

Çàäà÷à òåìàòè÷åñêîãî èí�îðìàöèîííîãî ïîèñêà

Ìîäåëè òåìàòè÷åñêîãî ïîèñêà

�åçóëüòàòû è âûâîäû

Êàêèå ìîäåëè ïîèñêà ñðàâíèâàëèñü

assessors: ðåçóëüòàòû ïîèñêà, âûïîëíåííîãî àñåññîðàìè

TF-IDF, BM25: ñðàâíåíèå äîêóìåíòîâ ïî ÷àñòîòàì ñëîâ

word2ve: íåòåìàòè÷åñêèå âåêòîðíûå ïðåäñòàâëåíèÿ ñëîâ

PLSA: Probabilisti Latent Semanti Analysis (1999)

LDA: Latent Dirihlet Alloation (2003)

ARTM: òåìàòè÷åñêàÿ ìîäåëü ñ òðåìÿ ðåãóëÿðèçàòîðàìè

hARTM: äâóõóðîâíåâàÿ èåðàðõè÷åñêàÿ ìîäåëü ARTM

Çàäà÷è ðåãóëÿðèçàòîðîâ â ARTM è hARTM:

ñäåëàòü òåìû êàê ìîæíî áîëåå ðàçëè÷íûìè

ñäåëàòü âåêòîðû p(t|d) êàê ìîæíî áîëåå ðàçðåæåííûìè

íå äîïóñòèòü âûðîæäåííîñòè ðàñïðåäåëåíèé p(w |t)
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Òåîðèÿ

Ïðîåêò BigARTM

Ýêñïåðèìåíòû ñ òåìàòè÷åñêèì ïîèñêîì

Çàäà÷à òåìàòè÷åñêîãî èí�îðìàöèîííîãî ïîèñêà

Ìîäåëè òåìàòè÷åñêîãî ïîèñêà

�åçóëüòàòû è âûâîäû

Ïîñëåäîâàòåëüíûé ïîäáîð êîý��èöèåíòîâ ðåãóëÿðèçàöèè

äåêîððåëèðîâàíèå ðàñïðåäåëåíèé òåðìîâ â òåìàõ (τ),

ðàçðåæèâàíèå ðàñïðåäåëåíèé òåì â äîêóìåíòàõ (α),

ñãëàæèâàíèå ðàñïðåäåëåíèé òåðìîâ â òåìàõ (β).
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Òåîðèÿ

Ïðîåêò BigARTM

Ýêñïåðèìåíòû ñ òåìàòè÷åñêèì ïîèñêîì

Çàäà÷à òåìàòè÷åñêîãî èí�îðìàöèîííîãî ïîèñêà

Ìîäåëè òåìàòè÷åñêîãî ïîèñêà

�åçóëüòàòû è âûâîäû

Ñðàâíåíèå ñ àñåññîðàìè ïî êà÷åñòâó ïîèñêà

Òî÷íîñòü è ïîëíîòà ïî ïåðâûì k ïîçèöèÿì ïîèñêîâîé âûäà÷è

(êîëëåêöèÿ Habrahabr.ru)
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A.Ianina, K.Vorontsov. Regularized multimodal hierarhial topi model for

doument-by-doument exploratory searh. 2019.
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Ïðîåêò BigARTM

Ýêñïåðèìåíòû ñ òåìàòè÷åñêèì ïîèñêîì

Çàäà÷à òåìàòè÷åñêîãî èí�îðìàöèîííîãî ïîèñêà

Ìîäåëè òåìàòè÷åñêîãî ïîèñêà

�åçóëüòàòû è âûâîäû

Ñðàâíåíèå ñ àñåññîðàìè ïî êà÷åñòâó ïîèñêà

Òî÷íîñòü è ïîëíîòà ïî ïåðâûì k ïîçèöèÿì ïîèñêîâîé âûäà÷è

(êîëëåêöèÿ TehCrunh.om)
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A.Ianina, K.Vorontsov. Regularized multimodal hierarhial topi model for

doument-by-doument exploratory searh. 2019.
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Òåîðèÿ

Ïðîåêò BigARTM

Ýêñïåðèìåíòû ñ òåìàòè÷åñêèì ïîèñêîì

Çàäà÷à òåìàòè÷åñêîãî èí�îðìàöèîííîãî ïîèñêà

Ìîäåëè òåìàòè÷åñêîãî ïîèñêà

�åçóëüòàòû è âûâîäû

Âëèÿíèå ÷èñëà òåì íà êà÷åñòâî ïîèñêà

Habrahabr. Âñå ðåãóëÿðèçàòîðû è ìîäàëüíîñòè, òðè óðîâíÿ

|T1| 20 25 30

|T2| 150 200 250 275 300 400 450

|T3| 750 800 1200 1300 1300 1400 1500 1500 1600 3000 3500

Pr�5 0.625 0.743 0.840 0.852 0.869 0.872 0.870 0.805 0.771 0.705 0.672

Pr�10 0.648 0.754 0.851 0.867 0.882 0.915 0.901 0.811 0.799 0.722 0.694

Pr�15 0.632 0.752 0.850 0.872 0.878 0.895 0.889 0.809 0.785 0.729 0.703

Pr�20 0.629 0.745 0.845 0.861 0.871 0.877 0.882 0.803 0.778 0.710 0.681

R�5 0.632 0.780 0.845 0.869 0.883 0.889 0.872 0.851 0.841 0.721 0.695

R�10 0.654 0.792 0.859 0.873 0.905 0.922 0.881 0.873 0.850 0.749 0.703

R�15 0.675 0.805 0.874 0.892 0.932 0.942 0.905 0.889 0.863 0.787 0.725

R�20 0.684 0.824 0.889 0.901 0.958 0.961 0.912 0.904 0.878 0.805 0.734

ñóùåñòâóåò îïòèìàëüíîå ÷èñëî òåì íà êàæäîì óðîâíå

òðè óðîâíÿ ëó÷øå, ÷åì îäèí èëè äâà

óâåëè÷èâàåòñÿ îïòèìàëüíîå ÷èñëî òåì íà íèæíåì óðîâíå
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Çàäà÷à òåìàòè÷åñêîãî èí�îðìàöèîííîãî ïîèñêà

Ìîäåëè òåìàòè÷åñêîãî ïîèñêà

�åçóëüòàòû è âûâîäû

Âëèÿíèå ÷èñëà òåì íà êà÷åñòâî ïîèñêà

TehCrunh. Âñå ðåãóëÿðèçàòîðû è ìîäàëüíîñòè, òðè óðîâíÿ

|T1| 80 100 120

|T2| 300 350 500 550 600 700 750

|T3| 1500 1700 2500 2600 2600 2800 3000 3000 3200 4500 4700

Pr�5 0.655 0.707 0.751 0.792 0.887 0.893 0.890 0.789 0.722 0.703 0.678

Pr�10 0.678 0.712 0.773 0.823 0.895 0.922 0.905 0.805 0.741 0.722 0.692

Pr�15 0.692 0.715 0.775 0.831 0.902 0.921 0.907 0.821 0.743 0.725 0.703

Pr�20 0.687 0.709 0.761 0.819 0.889 0.885 0.898 0.809 0.736 0.719 0.683

R�5 0.751 0.795 0.802 0.856 0.871 0.877 0.863 0.852 0.831 0.738 0.705

R�10 0.767 0.812 0.825 0.875 0.892 0.908 0.879 0.871 0.842 0.751 0.711

R�15 0.772 0.824 0.841 0.887 0.912 0.927 0.901 0.893 0.854 0.772 0.721

R�20 0.783 0.830 0.854 0.892 0.931 0.949 0.935 0.905 0.871 0.790 0.732

ñóùåñòâóåò îïòèìàëüíîå ÷èñëî òåì íà êàæäîì óðîâíå

òðè óðîâíÿ ëó÷øå, ÷åì îäèí èëè äâà

óâåëè÷èâàåòñÿ îïòèìàëüíîå ÷èñëî òåì íà íèæíåì óðîâíå
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Çàäà÷à òåìàòè÷åñêîãî èí�îðìàöèîííîãî ïîèñêà

Ìîäåëè òåìàòè÷åñêîãî ïîèñêà

�åçóëüòàòû è âûâîäû

Âëèÿíèå ìîäàëüíîñòåé íà êà÷åñòâî ïîèñêà

Âñå ðåãóëÿðèçàòîðû è ìîäàëüíîñòè, 3 óðîâíÿ, îïòèìàëüíîå |T |
Ìîäàëüíîñòè: Words, Bigrams, Authors, Comments, Tags, Hubs, Categories

Habrahabr TehCrunh

àñåññ W Com WB WBTH All àñåññ W C WB WBC All

Pr�5 0.821 0.621 0.558 0.673 0.871 0.872 0.822 0.718 0.569 0.795 0.891 0.893

Pr�10 0.869 0.645 0.567 0.712 0.911 0.915 0.851 0.729 0.592 0.807 0.919 0.922

Pr�15 0.875 0.631 0.532 0.693 0.894 0.895 0.835 0.737 0.603 0.803 0.920 0.921

Pr�20 0.863 0.628 0.531 0.688 0.877 0.877 0.813 0.729 0.594 0.792 0.883 0.885

R�5 0.780 0.725 0.645 0.797 0.888 0.889 0.762 0.754 0.659 0.775 0.874 0.877

R�10 0.817 0.748 0.652 0.812 0.921 0.922 0.792 0.778 0.671 0.808 0.908 0.908

R�15 0.850 0.782 0.679 0.842 0.941 0.942 0.835 0.783 0.679 0.825 0.927 0.927

R�20 0.873 0.789 0.672 0.852 0.960 0.961 0.867 0.785 0.711 0.837 0.949 0.949

ëó÷øå èñïîëüçîâàòü âñå ìîäàëüíîñòè

áèãðàììû è êàòåãîðèè âûèãðûâàþò ó àñåññîðîâ

àâòîðû è êîììåíòàòîðû íàèìåíåå âàæíû
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Ìîäåëè òåìàòè÷åñêîãî ïîèñêà

�åçóëüòàòû è âûâîäû

Âëèÿíèå ðåãóëÿðèçàòîðîâ íà êà÷åñòâî ïîèñêà

Âñå ðåãóëÿðèçàòîðû è ìîäàëüíîñòè, 3 óðîâíÿ, îïòèìàëüíîå |T |
�åãóëÿðèçàòîðû: Deorrelation, Θ-sparsing, Φ-smoothing, Hierarhy

Habrahabr TehCrunh

íåò D DΘ DΘΦ DΘΦH íåò D DΘ DΘΦ DΘΦH

Pr�5 0.628 0.772 0.771 0.865 0.872 0.652 0.777 0.779 0.879 0.893

Pr�10 0.653 0.781 0.812 0.883 0.915 0.679 0.788 0.819 0.895 0.922

Pr�15 0.642 0.785 0.792 0.891 0.895 0.669 0.791 0.798 0.901 0.921

Pr�20 0.643 0.771 0.783 0.875 0.877 0.673 0.775 0.792 0.892 0.885

R�5 0.692 0.820 0.805 0.875 0.889 0.673 0.825 0.812 0.869 0.877

R�10 0.714 0.831 0.834 0.905 0.922 0.685 0.856 0.845 0.881 0.908

R�15 0.725 0.847 0.867 0.921 0.942 0.712 0.877 0.869 0.912 0.927

R�20 0.735 0.873 0.891 0.943 0.961 0.723 0.892 0.895 0.934 0.949

Ëó÷øå èñïîëüçîâàòü âñå ðåãóëÿðèçàòîðû

Ìîäåëè ñî ñëàáîé ðåãóëÿðèçàöèåé (PLSA, LDA) ñëàáû
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Òåîðèÿ

Ïðîåêò BigARTM

Ýêñïåðèìåíòû ñ òåìàòè÷åñêèì ïîèñêîì

Çàäà÷à òåìàòè÷åñêîãî èí�îðìàöèîííîãî ïîèñêà

Ìîäåëè òåìàòè÷åñêîãî ïîèñêà

�åçóëüòàòû è âûâîäû

Âûâîäû ïî ðåçóëüòàòàì ýêñïåðèìåíòîâ

Àñåññîðñêèå äàííûå îòíîñÿòñÿ íå ê òåìàì, à ê êîëëåêöèè;

ïîýòîìó ñ èõ ïîìîùüþ ìîæíî îöåíèâàòü íîâûå ìîäåëè

Íåáîëüøèõ àñåññîðñêèõ äàííûõ õâàòàåò äëÿ îöåíèâàíèÿ

òåìàòè÷åñêèõ ìîäåëåé, ò. ê. îíè îáó÷àþòñÿ áåç ó÷èòåëÿ

�åãóëÿðèçàòîðû, óëó÷øàþùèå èíòåðïðåòèðóåìîñòü ìîäåëè,

ïîâûøàþò òàêæå è êà÷åñòâî ïîèñêà

Èåðàðõèÿ óëó÷øàåò êà÷åñòâî ïîèñêà (â îñíîâíîì òî÷íîñòü)

áëàãîäàðÿ ïîñòåïåííîìó ñóæåíèþ îáëàñòè ïîèñêà

Ïîäáîð òðàåêòîðèè ðåãóëÿðèçàöèè è îïòèìèçàöèÿ

êîý��èöèåíòîâ ðåãóëÿðèçàöèè âëèÿåò íà êà÷åñòâî ïîèñêà

Ïðè òùàòåëüíîé îïòèìèçàöèè òåìàòè÷åñêèé ïîèñê

ïðåâîñõîäèò êàê àñåññîðîâ, òàê è êîíêóðèðóþùèå ìîäåëè

A.Ianina, K.Vorontsov. Regularized multimodal hierarhial topi model for

doument-by-doument exploratory searh. 2019.
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